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Abstract : The main objective of the paper is to develop a GIS-based method for delineating spatial clusters. Major
tasks are: (i) to devise a sustainable algorithm with reference to various methods developed in the fields of geographic
boundary analysis and cluster detection; (i) to develop a GIS-based program to implement the algorithm. The main
results are as follows. First, it is recognized that the AMOEBA technique utilizing LISA is the best candidate. Second, a
modified version of the AMOEBA technique is proposed and implemented in a GIS environment. Third, the validity
and usefulness of the modified AMOEBA algorithm is assured by its applications to test and real data sets.
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Figure 1. Three situations in geographic boundary analysis.
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Figure 2. The AMOEBA algorithm. AMOEBA 12|
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Figure 6. Results of spatial cluster delineation for test data (Black lines are cluster boundaries).
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Figure 7. Results of spatial cluster delineation for population density pattern of Gangnam-gu, Seoul.
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